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To provide an example of how the online resource B.R.I.D.G.E. TO Figure 2. Criteria-based search to find optimal US database(s) for studying the risk of
DATASM serves as an education tool in (pharmaco)epidemiologic and developing respiratory diseases in patients exposed to medication at varying dosages.
pharmacoeconomic research, and to understand and identify these
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data resources to address a research question, and

2. Facilitating understanding of the structure and data elements in
healthcare databases.
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One such resource is B.R.I.D.G.E. TO DATASM (Benefit-Risk
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Nat' Hosp Ambul Med Care Survey (NHAMCS) on vaccines:

Nat'l Poison Data System (NPDS) Vaccine Adverse Event Rep System (VAERS)
Nat'l Electronic Injury Surveill System (NEISS)

Medi-Cal Paid Claims

18 Database Profiles

There are many more Exclude profiles based on various features, for example:
Mo | Vil i - vacn . Contiet Us 8 Y features that can further| g o sication only (e.g., National Registry of Drug-Induced Ocular Side Effects)
narrow your results
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« Data only through 2002 (e.g., Systematic Assessment of Geriatric drug use via Epidemiology)
« Only STDs captured (e.g., STD Surveillance System)
« Birth data only (e.g., Slone Epidemiology Unit Birth Defects Case Control Study)
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Analyticare Long Term Care
FDA Adverse Event Reporting System (AERS)

M ETH o D S . Geisinger Health Care System
Final Search Results HealthCore Integrated Research Database (HIRD) *

14 Database Profiles 13 Invision Data Mart

C Claims and
. . MarketScan Medicaid
Where are the data? A researcher may hypothesize that there is a x:zﬁ?‘::saf:r;iwg:::g:lsplsmen(al and coB
difference in clinical outcome (i.e., drug-induced respiratory diseases) oD e el oA

Pharmetrics Patient-Centric Database *

when a certain drug is administered at two different dosage levels Premier Perspective _ * Table 2 shows a comparison of 3 US database
(high; low). To do this study in the US, the researcher would need to Sone Ppremilooy DT Cose Conto Sumetance S| protesfrom o fnalsearh esuts
identify US databases that capture data on drugs (with dosages) and
diagnoses. Table 1 lists data elements contained in the database
profiles in B.R.I.D.G.E. TO DATASM,

Table 2. Excerpt from B.R.I.D.G.E. TO DATASM comparing 3 of the selected US databases

FIELD NAMES  HEALTHCORE INTEGRATED MARKETSCAN COMMERCIAL PHARMETRICS PATIENT-
RESEARCH DATABASE (HIRD) CLAIMS AND ENCOUNTERS CENTRIC DATABASE
. . . Demographic Data Population Type Insured: type (e.g., Medicare, Insured: type (e.g., Medicare, General Population
Table 1. Brief Descnpﬂon of Data Elements Medicaid) Medicaid) Commercially insured population

Private employer-based insurance Active employees and dependents,
early (non-Medicare) retirees and
dependents, and COBRA continuers

Database history, uses, strengths / limitations

Approximate Percentage of

Participants <18 years and <18=20% N/A <18 = 25.5%
Po X . . X L . those >65 years ~ >65=11% >65 = 65.6%
Dy Population size (active/final), annual change in size, sample weights

pu N
nal
Percentage of Males/Females Males = 49% N/A Males = 50%
Females = 51% Females = 50%
Demographic Data . . . . (60% females and 40% males have
Age, gender, ethnicity/race, geographic location, date of birth, death data received services)
Geographic Location  Southeast Al regions of USA U.S. Census Regions - East,
Phy: & 'y . . Mid-Atlantic (The database contains information Southeast, Midwest, West
Physician ID & specialty; Pharmacy 1D Easten at region, state, and 3-digit zip code
Practioner Info e R
Western regions
sLLEEETEL A Date parameters, coding system(s), as well as data on physical exams, birth (Only those in U.S. health plans)
Symptoms defects, cancer, infectious diseases, environmental exposures, and behavior Date of Birth Recorded  Yes Yes Yes
(Date / Month / Year) (Year) (Year)
Procedures
- Date parameters, coding system(s), lab data Death Recorded  No Yes No
Only date of death is available by Death information is available on
linking to an external source hospital discharge records
Drug Information Date parameters, regimen & route, manufacturer, dosage, coding system(s), Other Demographic Data  No Yes No
generic name Information such as relationship to

policy holder, employment status and

i . . family history (cancers and other
EAE S Cost data including type; surrogate cost data chronic condiions) data can be
obtained from the Health Risk

Assessment Database

b & Database linkage capabilities to and validation against other sources; access to Population Database Population Size 20 - 50 Million 50 - 100 Million 50 - 100 Million
ale medical records Dynamics :'39 milli:m % num:e:1 of phsople who (73.9 million) (>60 million patients)
ave existed in the database at any
L[ el Contact and accessibility information for each database, recent references, and e
date the database was last updated 31.4 million.)
Active Population Size 5 - 20 Million N/A 5 - 20 Million
. . . . . (12.9 million ASO & Fully Insured; (~ 16 million)
Two types of searches were simulated in bridgetodata.org to identify 95 millon Fuly nsurd o)
databases that contain appropriate diagnosis & drug data and are SO Ve ves ves
large enough to study respiratory disease outcomes. First, a criteria- Diagnoses Goded  1CD-90M oM eoeem
based search was conducted to identify databases by categories of Dlagnoses:Maximum Numborof 5 2 o par it 4 oo
information (Figure 2). To supplement this, a keyword-based search SR EEE)
was also conducted. Laboratory nformation - Yes ;\zsmetric data such as BMI, blood fﬁi results are available for a sub-

pressure, cholesterol, etc. are set of 1 million patients
available. Outpatient laboratory

results are available via linkage to

the Lab Database.

Drug Information DrugData  Yes: Prescription only Yes: Prescription only Yes: Prescription only
Filled prescriptions (retail or mail

order), physician administered

This example demonstrates that bridgetodata.org supports decision- gy mminstonshacines,

making and identification of a large number of databases worldwide Drug Coding System: Primary  NOC oG G @ otosHre, USG
for (pharmaco)epidemiologic and pharmacoeconomic research. It avalatle

also serves as a teaching tool for understanding healthcare T Gy o o ovoe 155 e e ot

databases and their attributes.
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